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Abstract
This study examines how accounting conservatism may affect the information
environment of analysts’ earnings forecasts, taking into account the interaction between
unconditional and conditional conservatism. Unconditional conservatism preempts
conditional conservatism in the later period and reduces the uncertainty in loss
recognition associated with bad news. Through a simple analyst forecast model, I
demonstrate that: 1) unconditional conservatism is negatively correlated with analysts’
forecast errors for good news or mild bad news firms, but positively correlated with
analysts’ forecast errors for extreme bad news firms; and 2) unconditional conservatism
reduces the overall uncertainty in analysts’ forecasts. The empirical results are
consistent with the predictions. Moreover, the evidence shows that the impact of
unconditional conservatism on analysts’ forecasts is greater for early forecasts, when
the information uncertainty is high, than for late forecasts.
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Accounting conservatism, information uncertainty and analysts’ forecasts
1. Introduction
Empirical research about analysts’ forecasts largely concerns the questions whether
and why analysts’ forecasts are systematically biased. However, the literature does not
provide consistent answers to these questions. Early studies usually referred to the
negative mean forecast errors as evidence of analysts’ optimistic bias in forecasts;
recent studies question the underlying quadratic loss function assumption in using mean
forecast error as a measure of forecast bias and find that under linear loss function
assumption, analysts’ forecasts are not systematically biased (Gu and Wu, 2003; Basu
and Markov, 2004). As to the explanations for the forecast bias, some studies propose
the cognitive bias explanation which argues that analysts are irrational in their forecasts
(Elgers and Lo, 1994; Abarbanell and Bernard, 1992). Other explanations assume that
analysts are indeed rational, but they are driven by their own incentives to issue
optimistic forecasts to facilitate information access to the management (Lim, 2001; Das
et al, 1998; Ke and Yu, 2006).
Given these inconclusive results, Abarbanell and Lehavy (2003) examine the crosssectional distribution of forecast errors and demonstrate how the tail asymmetry and
middle asymmetry in the distribution play a role in generating conflicting statistical
evidences on analysts’ bias and forecast efficiency in prior studies. Their results show
that the common belief that analysts generally produce optimistic forecasts is not well
supported by a broader analysis of the distribution of forecast errors. However, it still
remains a question whether observed analysts’ forecast bias is evidence of incentive
and cognitive-based theories of analyst forecast. Moreover, as Abarbanell and Lehavy
(2003) and other studies point out, properties embedded in reported earnings can also
affect the observed analysts’ forecast errors.
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In this paper, I develop a rational analyst forecast model where the reported
earnings are generated from conservative accounting system, which characterizes both
unconditional and conditional conservatism. The model well explains some commonly
observed patterns in analysts’ forecast errors without assuming the analyst’s incentive
or behavior bias. Analysts’ forecasts errors can be either pessimistic or optimistic,
depending on the realized economic news in the forecast period. The model’s
prediction is also consistent with two asymmetries in analysts’ forecast error
distribution documented by Abarbanell and Lehavy (2003).
Beyond the conformity to prior research’s results, the main implication from the
forecast model is about the role of unconditional conservatism in reducing the
uncertainty of earnings recognition due to conditional conservatism. In this model, the
uncertainty in forecasting earnings comes from an unexpected economic shock in the
forecast period. The recognition of unexpected shock in earnings follows the
conditional conservative accounting rule, which creates more uncertainty in reported
earnings for bad news firms than for good news firms. However, ex-ante unconditional
conservatism will reduce this uncertainty as more unconditional conservatism is
associated with less conditional conservatism in future periods (Beaver and Ryan, 2005,
etc). For example, when intangible assets such as R&D expenditures are immediately
expensed, the firm does not need to write off the asset in the future when bad news
about the R&D project occurs, as there is no carrying value on the book asset for R&D
expenditures. On the other hand, good news about the project will not be recognized
immediately in current earnings due to conditional conservatism principle. Instead, it
will be gradually recognized in accounting earnings in the following periods as cash
flows become verifiable. Hence, the overall uncertainty in the future earnings
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associated with R&D expenditures is reduced because of ex-ante unconditional
conservatism.
Based on analysts’ rational expectation of future earnings by incorporating the
possibility of recognizing unexpected economic shock, the model shows that: a) for
firms with positive economic shock or small negative economic shock, unconditional
conservatism reduces the forecast error measured by actual earnings minus forecasted
earnings; b) for firms with very large negative economic shock, unconditional
conservatism increases the forecast error. A second prediction from the model is that
the variance of analysts’ forecasts decreases with unconditional conservatism. These
results hold for analysts’ early forecasts, when unexpected economic shocks are not
realized at the beginning of forecast period. For late forecasts it is assumed that analysts
can obtain perfect information about the economic shock toward the end of forecast
period. Therefore analysts’ late forecasts will be uncorrelated with unconditional
conservatism.
Empirical tests of the model’s predictions use the bias component in book-tomarket ratio adjusted for lagged returns in Beaver and Ryan (2000). The empirical
results show that analysts forecast errors are negatively associated with unconditional
conservatism for good news and mild bad news firms, but positively associated with
unconditional conservatism for extreme bad news firms. Analysts’ absolute forecast
errors are negatively associated with unconditional conservatism for all firms. To test
the second prediction of the model, the overall uncertainty (V) implied in analysts’
forecasts proposed by Barron et. al (1998) is used. Consistent with the second
prediction, the result shows that the overall uncertainty in analysts’ forecasts is
decreasing with unconditional conservatism for both good news and bad news firms. In
addition, the results also suggest that the impact of unconditional conservatism on
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forecast errors and overall uncertainty is greater for analysts’ early forecasts than for
late forecasts. This provides stronger evidence of the model, since the uncertainty in
analysts’ early forecasts before observing the economic shock is higher than in late
forecasts when the economic shock has been revealed to the pubic. The findings are
also robust to LAD (linear absolute deviation) estimation method under the linear
objective function assumption.
This paper contributes to the literature in the following aspects. Firstly, this paper
contributes to the literature on analysts’ forecasts with regard to conservative
accounting information. Prior research has examined the link between analysts’
forecast bias and earnings skewness or bias. Because conservative accounting restricts
the amount of positive accruals that a firm can recognize in a given period, earnings are
negatively skewed or biased. If the loss function of analysts depends on mean absolute
forecast error instead of mean square error (Gu and Wu, 2003), or if analysts do not
anticipate large negative “unexpected accruals” (Abarbanell and Levahy, 2003),
forecast bias is likely to be related to earnings skewness. However, this study shows
that analysts anticipate the effect of conservative recognition in earnings, but they can
not perfectly forecast the unexpected economic shocks. Therefore unconditional
conservatism reduces the uncertainty for both good news firms and bad news firms.
Moreover, the robustness of LAD test results further confirms that regardless of
analysts’ forecast function, analysts do not completely ignore or fail to incorporate the
impact of conditional conservatism in recognizing bad news in the forecast period.
Secondly, prior studies have found that analysts’ forecasts are affected by the
information uncertainty about firms’ future performance and accounting earnings. Das
et al (1998) find that firms with earnings difficult to predict using times series model
are also difficult for analysts to predict. They argue that analysts will issue more
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optimistic forecast for firms with greater uncertainty in order to facilitate the
information access to management. A recent study by Zhang (2006) shows that greater
information uncertainty lead to more positive (negative) forecast errors following good
(bad) news. Zhang (2006) argues that the result supports the behavior-cognitive bias
explanation for observed analysts forecast errors. My results are more close to Zhang
(2006)’s results since I also find that lower unconditional conservatism is associated
with more positive (negative) forecast errors for good (bad) news firms as there is more
information uncertainty in forecasted earnings. However, the results do not depend on
the analyst’s cognitive bias or incentive assumptions.
Finally, Pae and Thornton (2006) examine whether analysts can fully understand
the implication of conservative recognition principle in term of earnings’ asymmetric
timeliness to recognize bad news versus good news. Unlike their study, this paper does
not attempt to examine the efficiency or loss function of analysts’ forecasts. The
empirical results suggest that analysts take into account the beginning period
information about past conservatism and anticipate future conservatism in earnings
recognition. However, we can not draw the conclusion about analysts’ forecast
efficiency. The result enriches our understanding about the correlation between
analysts’ forecast errors and underlying earnings properties imposed by accounting
conservatism.
Next section reviews the literature on accounting conservatism. Section 3 presents a
simple model of analysts’ forecast and develops testable propositions. Section 4
describes the sample data and research design. The main empirical results are in section
5, and section 6 concludes the paper.

2. Unconditional and conditional accounting conservatism
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Accountants traditionally express conservatism by the rule that “anticipates no
profits but anticipates all losses”. Contingent on the time at which the asymmetric
accounting treatment of profits versus losses applies, accounting conservatism can be
classified into two types. One is ex-ante or unconditional conservatism, which is the
understatement of net book value to market value due to routinely biased accounting
practices independent of contemporaneous economic news. The immediate expensing
of intangible assets such as internal developed R&D and historical accounting for
positive NPV projects are examples of unconditional conservatism. The other is ex-post
or conditional conservatism, which is defined as the asymmetric timeliness of
accounting practice to recognize contemporaneous economic gains versus losses.
Lower of cost or market accounting for inventory and the write-down of asset book
values under sufficiently adverse circumstances but no write-up under favorable
circumstances are examples of conditional conservatism.
The distinction of these two notions of accounting conservatism is explicitly
expressed in the recent literature such as Beaver and Ryan (2005), Ball and Shivakumar
(2005a), etc. Earlier literature only vaguely conveys the two different concepts of
conservatism. A large number of prior studies use the market-to-book ratio as a
measure of conservatism (Easton and Pae, 2004; Pope and Walker, 2003). However,
Ball and Shivakumar (2005a) interpret that this measure actually captures only
unconditional conservatism because the timeliness of loss recognition is not included in
the definition. Another line of literature follows Basu (1997), who measures
conservatism as asymmetric timeliness of earnings response to contemporaneous return.
Since conservatism implies the accountant’s tendency to require a higher degree of
verification for recognizing good news in earnings than for bad news, Basu predicts and
finds that earnings response to negative returns (bad news) is higher than to positive
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returns (good news). Basu’s measure of conservatism is more consistent with the view
of conditional conservatism.
The center of distinguishing the two types of conservatism is the timing of earnings
recognition relative to cash flows. Since a firm’s accounting earnings sum up to the
total cash flows realized in its entire operating life, unconditional and conditional
conservatism are inherently linked to each other. Recent papers (Pope and Walker,
2003; Pae et al 2005) show empirically that higher unconditional conservatism
measured by market to book ratio is associated with lower conditional conservatism
measured by the asymmetric earnings-return response. A more comprehensive and
structured analysis of the interaction between unconditional and conditional
conservatism under uncertainty is theoretically modeled by Beaver and Ryan (2005).
They model how unrecorded goodwill (or accounting slack) generated by unconditional
conservatism preempts the application of conditional conservatism in later periods. The
accelerated depreciation of tangible assets, past unrecognized positive shocks to the
market value or the immediate expensing of intangible assets can all yield accounting
slack. The accounting slack in assets will reduce the likelihood of asset write-down or
the amount of write-down if one occurs. In the extreme if a firm is unconditionally
conservative in writing off expenditures in the beginning, there will not be any
capitalized amount carried on its balance sheet to be written off when bad news occurs
regarding the future benefits of these expenditures.
In term of its impact on future earnings, conservatism has two primary effects. First,
unconditional conservatism, such as R&D expenses, will immediately suppress the
earnings in current period and result in more volatile earnings, compared to the
accounting policy of capitalization and amortization which aims to smooth earnings
recognition throughout the asset life. However, as shown in Penman (2006), this effect
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of unconditional conservatism matters only if the firm’s investment keeps growing. If
the investment of the firm is constant or reasonably predictable, the consistent
application of unconditional conservative accounting does not create additional
difficulty or uncertainty in earnings forecasts.
Second, conditional conservatism will also result in transitory negative earnings
such as asset write down or impairment loss in the period with new information and
increase earning volatility. But the relationship between unconditional and conditional
conservatism suggests that ex-ante unconditional conservatism could reduce the
possible impairment loss or asset write down associated with unexpected economic
shocks about the underlying asset value in the future. Since unexpected economic
shocks are more difficult to predict ex-ante, the second impact of unconditional
conservatism seems more relevant concerning forecasting future earnings.
Therefore this paper focuses on the second impact of conservatism on the
information uncertainty involved in forecasting future earnings, i.e, the role of
unconditional conservatism in reducing the information uncertainty in analyst forecasts
caused by conditional conservatism with regard to recognizing future earnings.

3. A simple model and hypotheses development
Consider a one period analyst forecast model. The total earnings that analysts aim
to forecast consist of two independent streams: normal earnings ( xt ) and abnormal
~
earnings ( Δ t ). I assume that normal earnings involve mostly easy-to-verify information

and analysts can predict them from past earnings without much difficulty.1 For

1

As argued by Guay and Verrecchia (2006), there exist two types of accounting information about assets
value and future cash flows in general: easy-to-verify information and difficult-to-verify information.
Easy-to-verify information is incorporated into financial statements at the period it occurs. Discussions
about conservatism mostly revolve around the accounting treatment of difficult-to-verify information.
8

simplicity, assume that the normal earnings grows at a certain rate, i.e, xt = γxt −1 + ε t ,

γ > 1 and ε t ~ N (0, σ 2 ) .2
~
There is also an abnormal earnings stream ( Δ t ) that comes from an unexpected

economic shock ( st ) associated with changes in market value of underlying assets. The
information involved in recognizing these unexpected shocks is more difficult to verify
and there is more uncertainty about incorporating this information into financial reports.
At the beginning of forecast period, analysts know about the probability distribution of
st . I assume that st follows a uniform distribution on [ − a, a ]. Analysts’ objective is
to forecast total earnings in next period yt , which consists of both normal earnings and
abnormal earnings:

~
yt = xt + Δ t

(1)

Even though analysts claim that they do not forecast extraordinary and special items,
we can interpret the abnormal earnings in the model not as extraordinary as in the
common sense. Analysts are well aware that these economic shocks happen in every
period following certain probability distribution. Therefore they can not completely
ignore this component of earnings in their forecasts. For example, bad debt write-off or
inventory write-down due to “lower of cost and market value” principle is part of
operating expense that should be included in analysts’ forecasts.
The recognition of unexpected economic shocks requires the application of
conditional conservatism principle. I assume that bad news ( st < 0 ) will be recognized

2

I do not model explicitly the expected earnings due to unconditional conservative treatment of
investments or capital expenditures in the forecast period. Ideally, this component of earnings could also
be included in the normal earnings that analysts can easily forecast. Moreover, unconditional
conservatism itself is uncorrelated with prior period’s conservatism, but purely depends on the firm’s
investment and growth.
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as loss immediately. For good news firms ( s t > 0 ), only part of the economic shock

αst will be immediately recognized in the current period.
Furthermore, the beginning balance of firm’s book assets carries an unrecorded
goodwill or accounting slack ct −1 . The amount of loss to be recognized when bad news
occurs will depend on the amount of accounting slack available to the firm. In fact, the
accounting slack at the beginning period reflects not only unconditional conservatism
practices such as expensing of R&D, but also the accumulated unrecognized past
positive news due to conditional conservatism. In some sense ct −1 captures the
accumulated conservatism on the balance sheet, which is “unconditional” to the new
information in the forecast period.
Therefore, no loss will be recognized if 0 ≥ st ≥ −ct −1 and only the difference
between st and − ct −1 will be recognized if st < −ct −1 .3 It is reasonable to assume
~
that ct −1 < a . Hence the abnormal earnings ( Δ t ) to be recognized in forecast period is

represented as:

⎧ αst
~ ⎪
Δt = ⎨ 0
⎪s + c
⎩ t t −1

st > 0
0 ≥ st ≥ −ct −1

(2)

st < −ct −1

To observe the effect of unconditional conservatism more directly, I assume that
there is no private information beyond the relevant information such as last period
earnings and unconditional conservatism which are publicly available to all analysts.
Analysts’ forecast analyzed here is therefore the consensus forecast.
Analysts’ early forecasts

3

In practice the recognition of bad news also reflects accounting judgment and managerial discretion.
This will imply that analysts’ forecast cannot be perfect even after observing the economic shock. For
simplicity, here I ignore the managerial discretion in recognizing loss in the modeling and will discuss
the effect of the discretion later in formalizing the empirical test.
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Immediately after announcement of last period (t-1) earnings, analysts have not
observed the unexpected economic shock in period t. I define the analyst forecast made
at this time as early forecast. I also assume that analysts, with sophisticated accounting
knowledge, can identify the amount of ct −1 from last period’s financial reports.
Analysts’ early forecasts of total earnings are based on the rational expectation
conditional on their information about last period’s earnings and unconditional
conservatism:
aα ( a − c t −1 ) 2
~
−
Ft −1 [ y t ] = E[ y t | x t −1 , c t −1 ] = E[ x t + Δ t | x t −1 , c t −1 ] = γx t −1 +
4
4a

(3)

I define the analysts’ forecast error as the difference between realized earnings and
analysts’ forecast. Then the early forecast error is represented as:
⎧
(a − ct −1 ) 2 aα
−
⎪ ε t + αs t +
4a
4
⎪
(a − ct −1 ) 2 aα
⎪
E
FE [ y t ] = y t − Ft −1 [ y t ] = ⎨ ε t +
−
4a
4
⎪
−
a
ct −1 ) 2 aα
(
⎪ε + s + c +
−
t
t −1
⎪ t
4a
4
⎩

st > 0
0 ≥ st ≥ −ct −1

(4)

st < −ct −1

From equation (4), we can observe some cross-sectional distribution patterns of
forecast errors. First, the forecast error ( FE E [ yt ] ) is increasing with the economic news
( st ). Therefore forecast errors tend to be more positive for larger good news firms and
more negative for extreme bad news firms. If

(a − ct −1 ) 2 aα
−
< 0 , on average we are
4a
4

more likely to observe optimistic forecasts; otherwise we are more likely to observe
pessimistic forecasts. Second, the two asymmetries documented in Abarbanell and
Lehavy (2003) can also be observed in this model. Because of conditional conservatism
in accounting, the asymmetry timeliness recognition principle makes α < 1 . When α is
sufficiently small, for extreme news firms (i.e, for very large st ) the magnitude of
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negative forecast error for bad news firms will be greater than the magnitude of positive
forecast error for extreme good news. This will be the tail asymmetry. But when we
examine firms with small news in the middle, the opposite asymmetry is observed in
forecast errors. Since the bad news recognition is preempted by unconditional
conservatism for small bad news firms, it is more likely to observe the small positive
forecast errors around zero. Abarbanell and Lehavy (2003) link the unexpected accruals
with two asymmetries and also explain the link by analysts’ incentive or judgment
factors. This model provides another explanation for the two asymmetries in
distribution and also a possible explanation for the link with unexpected accrual. Since
the unexpected news is usually recognized through accruals, the large negative accruals
are associated with extreme bad news recognition and small positive accruals are
associated with small good news recognition.
Nonetheless, the distribution of forecast errors in the model does not necessarily
depend on the model’s assumption that analysts issue forecasts anticipating the firm’s
accounting policy, especially the interaction between unconditional conservatism and
conditional conservatism. If analysts do not anticipate or take into consideration the
recognition of unexpected economic shocks under conservatism policy, they could
simply issue a forecast at γxt −1 and we can still get similar distribution of forecast errors.
Therefore a crucial step to validate the model is to test whether unconditional
conservatism influence forecast errors in the direction of model’s prediction for firms
with different economic shocks.
After taking derivative with respect to ct −1 for forecast error in equation (4), we can
get the following propositions:
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Proposition 1a: Analysts’ early forecast error ( FE E [ yt ] ) is decreasing with the

accounting slack available at the beginning of period ( ct −1 ) if st ≥ −ct −1 ; and increasing
with the accounting slack available at the beginning of period ( ct −1 ) if st < −ct −1 .4
Proposition 1a suggests that the impact of unconditional conservatism on forecast
error depends on the realization of economic news. We can also draw some implication
about the impact of unconditional conservatism on forecast accuracy (absolute forecast
error). As in the model analysts’ forecasts are on average more pessimistic for firms
with greater good news and more optimistic for firms with greater bad news. Therefore
the opposite impacts of unconditional conservatism on forecast errors actually under
two scenarios imply that analysts’ absolute forecast errors are overall smaller for firms
with more accounting slack.
The variance of expected total earnings conditioned on the last period earnings and
unconditional conservatism can also be derived from the model:
Var ( y t | x t −1 , c t −1 ) = σ 2 +

(5 a + 3c t −1 )( a − c t −1 ) 3 5α 2 a 2 α ( a − c ) 2
+
+
48
8
48 a 2

(5)

It can be easily shown that the derivative of Var ( yt | xt −1 , ct −1 ) with respect to ct −1 is
negative; therefore I get the following proposition on analysts’ early forecasts:
Proposition 1b: The uncertainty to analysts at the beginning of forecast period is
increasing with the accounting slack available at the beginning of period ( ct −1 ).5

Analysts’ late forecast

4

Proof of proposition 1a is simple: If st ≥ −ct −1 we have dFE E [ yt ] = − a − ct −1 , and if s t < −c t −1 we have
dct −1

dFE E [ yt ]
a − ct −1
=1−
dct −1
2a
5

2a

. By assumption ct −1 < a , therefore we can get proposition 1a.

E
2
E
Proof: dVar ( F [ yt ]) = − (a − ct −1 ) (a + 3ct −1 ) − α (a − ct −1 ) , since ct −1 < a , we get dVar ( F [ yt ]) < 0
8a 2
4
dct −1
dct −1
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As the announcement date of period t earnings approaches, the economic shock
occurred during period t becomes known to analysts. I define the analyst forecast made
at this time as late forecast. At the late forecast, there is no uncertainty in forecasting
firm’s total earnings unless we assume that managers can discretionally determine the
write down of assets in application of conditional conservatism and analysts can not
perfectly be informed about the manager’s action.
Toward the end of forecast period, the information about economic shock st is
released to the market and analysts could perfectly forecast total earnings under each
scenario. i.e FE L [ xt ] = ε t , ∀ st ; and Var ( yt | xt −1 , ct −1 , st ) = σ 2 . Therefore we have the
following properties about analysts’ late forecasts:
Proposition 2: Analysts’ late forecast error ( FE L [ yt ] ) and the precision of public
information available to analysts’ late forecasts are both unrelated to the accounting
slack available at the beginning of period ( ct −1 ).
Proposition 1 and 2 are consistent with extant empirical evidence that more recent
analysts’ forecasts are more accurate (and less biased) as analysts receive additional
earnings relevant information (Brown, 1991; Sinha, et al, 1997). At the beginning of
forecast period, analysts possess less information about future earnings and face greater
uncertainty in forecasting earnings. Therefore we expect greater role of unconditional
conservatism (available accounting slack) in reducing the information uncertainty in
forecasts at early forecasts than at late forecasts. The model also shows that analysts’
forecasts incorporate both income statement and balance sheet information. Even
though conditional conservatism ex-post applies only to bad news firms, ex-ante both
good news and bad news firms experience the same uncertainty of future economic
shocks. Accordingly unconditional conservatism influences forecast errors and
information uncertainty of both types of firms.
14

As discussed in section 2, the difference between unconditional (ex-ante)
conservatism and conditional (ex-post) conservatism is essentially the timing of the
asymmetric accounting treatment on positive versus negative economic outcome.
Application of conditional conservatism may result in less smoothed earnings as large
negative unexpected loss is more likely to be recognized in accounting earnings (Basu,
1997, Gassen et al 2006). In addition, the timely recognition often requires the
estimation of loss before the cash realization, which involves larger estimation errors
and lower persistent earnings (Ball and Shivakumar, 2005b). Hence, accounting
earnings become more volatile and difficult to predict because of the application of
conditional conservatism. This model shows that unconditional conservatism plays a
role in reducing the uncertainty involved in future recognition of bad news due to
conditional conservatism, and therefore is critical to analysts’ forecast accuracy. The
integral relationship between unconditional conservatism and conditional conservatism
drives the result.

4. Sample and Research Design
4.1 Sample Data

I test the empirical implications of the model using annual data, since the integral
approach in interim reporting implies applications of some conservatism principles are
adjusted at the fiscal year end.6 The sample consists of all firm-year observations from
1986 to 2004. I construct analysts’ earnings consensus forecast data from I/BE/S detail
file. Specifically analysts’ early forecast is constructed as consensus forecast within
first three months after last period earnings announcement, and late forecast as
consensus forecast within last three months before next earnings announcement date.
6

For example, estimations of expenses, such as bad debt allowance rate or expected useful life of PPE,
are revised as the fiscal year progresses.
15

Therefore I delete those observations with missing earnings announcement date. For
I/B/E/S data, I require at least two analysts following the firm during the year. Stock
price and return data are retrieved from CRSP monthly return file. Other necessary
accounting data comes from COMPUSTAT industrial annual file. I also exclude the
financial institutional firms with SIC code 6000 to 6999 from my sample. I winsorize
the data to the upper and lower 1% percentiles for each variable used in the regression.
The final sample contains 8,415 firm-year early forecast observations and 6,672 firmyear late forecast observations respectively.

4.2 Variables measurement
Analysts’ forecast error

Early and late forecast errors are measured by the difference between actual
earnings and analysts’ early and late consensus forecasts deflated by the beginning
period stock price:
FE i ,t =
E

EPS i ,t − Fi ,Et
Pt −1

,

FE iL,t =

EPS i ,t − Fi ,Lt
Pt −1

EPS i ,t is firm i’s actual earnings per share in year t from I/B/E/S actual file. Early
forecast ( Fi ,Et ) of firm i is measured as the mean of first earnings forecasts issued by
each analyst within the first three months after t − 1 earnings announcement date. Late
forecast ( Fi ,Lt ) of firm i is measured as the mean of last earnings forecasts issued by
each analyst within the last three months before period t earnings announcement date.
Early and late forecast accuracies ( AFE E and AFE L ) are measured by the absolute
i ,t

value of early and late forecast errors respectively.
Uncertainty in analysts’ forecasts
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i ,t

Barron et al (1998) present that the level of overall uncertainty (V) implied in
analysts’ forecasts is determined by the precision of public and idiosyncratic
information possessed by analysts.7 Therefore I use their measure of overall uncertainty
to empirically test the impact of unconditional conservatism. Following Barron et al
(1998), the overall uncertainty V can be expressed from observable forecast dispersion,
error in the mean forecast and the number of forecasts:
V = (1 −

1
) D + SE , where N is the number of forecasts issued; D is the expected
N

dispersion of analysts’ forecasts; SE is the expected squared error in the mean forecast.
The empirical measure uses the ex-post analysts’ forecast dispersion and ex-post
squared forecast error to calculate the level of overall uncertainty for early and late
forecasts respectively:

Vi ,Et = (1 −

1
1
) DispiE,t + ( EPSt − Fi ,Et ) 2 ; Vi ,Lt = (1 − L ) DispiL,t + ( EPSt − Fi ,Lt ) 2
E
N i ,t
N i ,t

Fi ,Et and Fi ,Lt are the early and late forecasts as measured above. DispiE,t and DispiL,t are

early and late analysts’ forecast dispersions.
Unconditional conservatism measure: Beaver and Ryan (2000)

Unconditional conservatism measure I use in this paper is from Beaver and Ryan
(2000), who measure conservatism as a persistent bias component in book-to-market
ratio since book-to-market ratio represents both biased accounting recognition and
lagged accounting recognition. Beaver and Ryan (2000)’s measure is an unconditional
conservatism measure because it takes the balance sheet perspective and the persistent
bias of book value is news independent. They empirically measure the biased

N
1 , N is the number of analysts, h is the
Barron define overall uncertainty level as V = 1
∑
N i =1 h + si
precision of common information about earnings, si is the precision of analyst i’s private information.

7
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(conservatism) and lagged components by regressing book-to-market ratio on current
and lagged returns with fixed firm and time effects in the following model:
6

BTM it = α + α i + α t + ∑ β k Rit − k + ε it
k =1

Where: BTM it is the book-to-market ratio for firm i at fiscal year-end t ; Rit −k is
the lagged annual return (with dividends) for firm i in year t-k. The coefficient α i is
the persistent firm-specific bias component of book-to-market ratio over the sample
period. Therefore − α i is a measure of firm specific bias in book value due to
conservatism.
For the purpose of this study, a firm-year specific measure of unconditional
conservatism is needed to incorporate the effect of possible change in unconditional
conservatism. I follow Balachandran and Mohanram (2005)’s approach. I run the
Beaver and Rayn (2000)’s model for each year, using information of past five years. I
also relax the six year lagged return requirement and use three years lagged return in
the model. Then I take the negative firm specific intercept for each year and adjust for
the median of industry with the same two-digit SIC code each year. This gives me the
firm-year measure of unconditional conservatism, labeled as UCON i ,t .
Control variables

I also include a set of control variables in the multivariate regression model. These
variables control for factors such as earnings properties, information environment,
manager incentives, and firm’s investment behavior. I use the same set of control
variables in both the forecast errors and overall uncertainty regressions, because the
factors that affect the uncertainty are also likely to affect the forecast errors.
For underlying earnings properties I control for the unexpected earnings, the loss
reporting, and earnings volatility. Following prior research which documents the
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underreaction of analysts to information contained in prior unexpected earnings change
(Abarbanell and Bernard, 1992), I use UEi ,t −1 measured by the unexpected earnings at
t − 1 from random walk model deflated by the stock price at beginning of year t . I also

include a variable that indicates the loss reporting ( LOSSi ,t ) to capture different
incentives of managers to manage losses from profits (Brown, 2001) and to control part
of the earnings skewness effect (Gu and Wu, 2003). Prior research also argues that
analysts’ forecast error is associated with the predictability of earnings (Das, et al 1998).
Since more volatile earnings are usually more difficult to predict, I include earnings
volatility ( STDROAi ,t ) to capture the predictability.
Analysts’ forecasts are also affected by the information environment of firm and
analysts. Firm size is usually viewed as a proxy for the amount of information publicly
available about a firm (Das, et.al, 1998). Therefore I control for firm size in the model,
using the logarithm of market value of common equity ( LGMVi ,t −1 ) at the beginning of
period t . Another indicator of information environment is the number of analysts
issuing forecasts ( LGNUM iE,t and LGNUM iL,t ), since larger number of analysts
following suggests greater competition among analysts, which might induce them to
issue more optimistic forecasts in order to compete for management favor. I also use
the past six-month accumulative returns ( RET _ 6iE,t and RET _ 6iL,t ) to proxy for other
information revealed to the market that might affect analysts’ forecast behavior.
Managers’ incentive and discretion in financial reporting will make it difficult for
analysts to predict the ‘right’ bottom line numbers. For example, upon observing an
extremely negative economic shock, managers may decide to take an “unexpected
earnings bath”, recognizing larger operating expenses through discretionary negative
transitory accruals. I control for the possible earnings management behavior of
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managers by including the discretionary accruals ( DAi ,t ) from performance matched
Jones model (Kothari, et al. 2005). As the “big bath” earnings management behavior
usually involve the asset write down or other special items, I also include the change in
special items from last period ( ΔSPI i ,t ) as a control variable.
As Penman and Zhang (2002) suggest, changes in investment can affect the quality
of earnings when firms practice conservative accounting and make it difficult to predict
future earning from current earnings. Therefore for firms experiencing substantial
changes in investments recently, analysts may have more difficulty to forecast their
earnings. To control this effect, I include the change in net operating asset in the prior
one year period ( ΔNOAi ,t −1 ).8

5. Empirical Results
5.1 Descriptive Statistics

Table 1 reports descriptive statistics on the variables used in the study. Panel A
presents statistics on forecast related variables in the early forecast sample. Panel B
presents statistics on forecast related variables in the late forecast sample. The mean
(median) of early forecast errors ( FE iE,t ) is -0.0098 (-0.0026), and the mean (median) of
late forecast errors ( FE iL,t ) is -0.0005 (0.0003). The negative mean forecast error is
consistent with the evidence that analysts’ forecasts are optimistic in general, especially
at the beginning of the forecast period. The median forecast error is much smaller than
the mean, which might imply that analysts forecast the median rather than the mean
(Gu and Wu, 2003; Basu and Markov, 2005). A similar pattern is observed for the
absolute forecast error. The average early absolute early forecast error is larger than the
8

As a robustness check, I also use average changes in net operating assets in the last three years. The
results are similar.
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late absolute forecast error, i.e, analysts’ recent forecasts are more accurate. The
standard deviation of early forecast errors is also higher than the standard deviation of
late forecast errors. The mean and median of overall uncertainty implied in analysts’
early forecasts ( Vi ,Et ) are 0.0204 and 0.0060 respectively, higher than the overall
uncertainty implied in analysts’ late forecasts ( Vi ,Lt ). The results suggest that the
information uncertainty in analysts’ forecasts decreases as more information becomes
available to analysts toward the end of forecast period. Early forecasts have slightly
greater number of analysts following than late forecasts. The median number of
analysts issuing early forecasts is about nine and the median number of analysts issuing
late forecasts is about five.
Panel C reports statistics on other variables used in the analysis for the combined
observations from both early and late forecast samples. The mean and median values of
unconditional conservatism ( UCON i ,t ) are 0.0005 and 0.0162 respectively. The median
firm in my sample has about $581 million market capitalization. This is expected as the
sample selection requirement of at least two analysts following will bias toward large
firms. The average discretionary accrual is negative, suggesting that income-decreasing
accruals a firm can recognize in a given period is larger than income-increasing
accruals due to conservative accounting principles. The mean of changes in special
item is negative and the median is zero, consistent with prior research’s results that
managers usually report bad news in special items to highlight the transitory nature of
these items. The average growth in net operating asset of my sample firms is about
5.78% of total assets.
[Insert Table 1]
Table 2 examines the forecast properties of firms with different economic shocks in
the fiscal year. As equation (4) shows, the magnitude and sign of analysts’ forecast
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error depend on the realization of unexpected economics shocks during the forecast
period. I classify the firms into five groups based on the economic news proxied by the
market adjusted stock return in the fiscal year, and compare the forecast errors and
overall uncertainty across these groups. Table 1 indicates that analysts’ forecast is
optimistic on average. However, when breaking down into different groups, analysts’
forecast error is monotonically increasing with the economic news. For early forecasts,
the forecast error is positive (with mean 0.0042) for very good news firms (quintile 5),
but significantly negative (with mean -0.0288) for very bad news firms (quintile 1). For
late forecasts, similar pattern can be observed but the magnitude of forecast error is
much smaller than early forecasts. These results support the basic assumption of the
analyst forecast model: analysts incorporate the expected conditional conservative
recognition principle when constructing their own rational expectation of earnings for
both good news and bad news firms. Therefore we could observe the positive forecast
errors in good news firms and negative forecast errors in very bad news firms.
Both the absolute forecast error ( AFE i ,t ) and the overall uncertainty ( Vi ,t ) of very
bad news firms are larger than those in other groups. This is expected since the forecast
error for bad news firms depends on the realization of bad news and therefore involves
more uncertainty. The difference of forecast accuracy and overall uncertainty across
groups in late forecasts is not as prominent as in early forecasts, as the economic news
realization becomes known at the end of forecast period.
[Insert Table 2]
5.2 Analysts’ forecast and unconditional conservatism: univariate analysis

The role of unconditional conservatism is to reduce the uncertainty involved in
future recognition of unexpected economic shocks. A comparison of earnings
distributions for firms with high and low unconditional conservatism will help to
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understand the impact of unconditional conservatism on the recognition of earnings.
Figure 1 shows the histograms of earnings per share for the extreme lowest and highest
UCON quintiles. The variance of earnings for firms with highest unconditional
conservatism is apparently larger than that for firms with lowest unconditional
conservatism. This suggests that the uncertainty in earnings is larger for firms with
greater unconditional conservatism.
[Insert Figure 1]
Next I perform the univariate analysis on the correlation between unconditional
conservatism and analysts’ forecast properties. Table 3 reports the mean and median of
signed forecast errors, absolute forecast errors, and overall uncertainty of analysts’
forecasts for firms in each unconditional conservatism quintile. The quintile ranking is
based on the cross-sectional unconditional conservatism within each year. Panel A and
panel B report the statistics on early and late forecast variables respectively. I first
calculate the forecast error across UCON quintiles for very bad news firms and very
good news firms separately. The model predicts that the correlation between forecast
error and unconditional conservatism for firms with good news is different from the
correlation for firms with very bad news. Consistent with the prediction for different
economic news firms, it can be observed that the mean (median) forecast error for very
bad news firms is on average less negative as the firm becomes more unconditionally
conservative. On the contrary, the mean (median) forecast error for very good news
firms in on average less positive as the firm becomes more unconditionally
conservative. For the absolute forecast error and overall uncertainty, the model’s
prediction is uniformly consistent. For these two variables Table 3 shows that both the
mean and median of absolute forecast error and overall uncertainty in analysts’
forecasts are monotonically decreasing from lowest to highest unconditional
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conservatism firms. For all three variables, the pattern exists in both early and late
forecasts; however, the magnitude is smaller in late forecasts.
[Insert Table 3]
5.3 Analysts’ forecast error and unconditional conservatism: multivariate
regression

This section examines the association between unconditional conservatism and
analysts’ forecast error in a multivariate regression. Research on analysts’ forecasts has
traditionally relied on OLS (ordinary least square) estimation to reach the conclusion of
analysts’ inefficiency in processing prior information. Recent papers (Gu and Wu, 2003;
Basu and Markov, 2005) challenge the hypothesis of quadratic loss function
assumption in the OLS procedure and suggest that assuming a linear loss function will
reduce the extent of optimism and inefficiency documented in prior literature. LAD
(least absolute deviation) estimation is to minimize the mean of absolute errors and
provides the unbiased estimator of median.9 If analysts face a linear loss function, LAD
is more appropriate. In addition, Liu and Su (2005) find that LAD also has the
advantage of generating more robust estimation than OLS. Therefore in this paper I use
both OLS and LAD estimations in the analyst forecast error model.
I estimate the following model of analyst forecast error:
FEi ,t = α + β1UCONi ,t + β 2UCONi ,t * D _ Badi ,t + γOthers

(6)

FEi ,t is analysts’ forecast error at early and late forecast periods respectively.
UCON i ,t represents firm i’s unconditional conservatism at the beginning of forecast

period t. D _ Bad i ,t is a dummy variable that indicates firms in very bad news group, i.e,

9

LAD can be interpreted as estimating the median of y conditional on x, i.e.

Median( yi | xi ) = βxi .

The coefficient is estimated by minimizing the sum of absolute residuals, i.e. min
β

∑ε
i
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i

.

D _ Bad i ,t equals 1 if the market adjusted abnormal stock return of firm i in period t is

in the lowest quintile group. Proposition 1a hypothesizes that the early forecast error is
decreasing with unconditional conservatism for good news and mild bad news firms,
but the correlation is opposite for the very bad news firms. Therefore I expect that the
coefficient of UCON i ,t will be negative, but the coefficient of the interaction term
between UCON i ,t and D _ Bad i ,t will be positive.
The analyst forecast model predicts that unconditional conservatism is uncorrelated
with forecast error at late forecasts. The no-impact prediction at late forecasts relies on
one crucial assumption of the model that analysts obtain perfect information about the
economic shock and manager’s recognition discretion. Therefore empirically I expect
that unconditional conservatism and late forecast errors might still be correlated,
however the coefficient of unconditional conservatism in late forecasts will be smaller
than in early forecasts.
[Insert Table 4]
Table 4 presents the regression results for testing model (6) for early and late
forecast samples. Both OLS and LAD estimation results are reported. I discuss the
empirical findings mainly focusing on the OLS results, but the same conclusion can be
reached through LAD estimation. In both early and late forecast samples, the
coefficients of UCON

i ,t

are significantly negative, and in contrast the coefficients of

the interaction term UCON i ,t * D _ Bad i ,t are significantly positive. Moreover, the
magnitude of coefficient of UCON i ,t * D _ Bad i ,t is 0.0173 (0.0067) for early (late)
forecasts, which is much larger than the magnitude of coefficient of UCON

i ,t

(-0.0042

and -0.0012 accordingly). This is consistent with the hypotheses that analysts’ forecast
error decreases with unconditional conservatism available to firm for good news or
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mild bad news firms, but increases with unconditional conservatism for very bad news
firms. As forecast errors for very bad news firms are in general more optimistic than
other firms (Table 2), the results suggest that the optimism decreases for more
unconditional conservative firms.
The comparison between early and late forecasts indicates that the coefficients of
unconditional conservatism on forecast error are much larger at early forecasts than at
late forecasts: -0.0042 vs -0.0012 for UCON

i ,t

, and 0.0173 vs 0.0067 for the

interaction term UCONi ,t * D _ Badi ,t . The difference further confirms the empirical
prediction from the model that the impact of unconditional conservatism is larger at
early forecasts than at late forecasts. Since more ex-ante uncertainty is involved when
analysts make early forecasts, unconditional conservatism plays more important role in
reducing the uncertainty in future earnings recognition with regard to new information.
For late forecasts, this benefit of unconditional conservatism is less important but does
not completely disappear.
For control variables, the results are generally consistent with expectations. Firms
with loss reporting ( LOSS i ,t ) are more difficult to forecast and analysts often do not
anticipate loss. Analysts issue less optimistic forecasts for larger firms ( LGMVi ,t ),
consistent with prior findings. Larger number of analysts following ( LGNUM i ,t ) is
associated with more optimistic forecasts, probably due to analysts’ incentives to
compete for manager’s favor by issuing optimistic forecasts. The earnings volatility is
significantly positively associated with forecast error. The stock return in the last six
months is also positively correlated with forecast error, suggesting that analysts
underreact to the information in past stock return. The coefficient of changes in special
item is significantly positive, consistent with the general consensus that analysts do not
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tend to forecast negative special items due to their transitory nature. For firms
experiencing greater increase in net operating assets last year, analysts seem not fully
understand the implication of change in investment on the future earnings as in Penman
and Zhang (2002).
5.4 Analysts’ forecast accuracy and unconditional conservatism: multivariate
regression

An extension of empirical tests is to examine the impact of unconditional
conservatism on analysts’ forecast accuracy. The empirical results above show that the
association between unconditional conservatism and forecast error is not uniformly
consistent. However, in terms of absolute forecast error, we expect that the association
between absolute forecast error and unconditional conservatism will be negative for
both good news firms and very bad news firms, as unconditional conservatism reduces
the forecast bias in either direction (optimism or pessimism). I test the correlation
between unconditional conservatism and forecast accuracy using the following model:

AFEi ,t = α + β1UCON i ,t + γOthers

(7)

The forecast accuracy ( AFEi ,t ) is measured by the absolute value of forecast error.
No interaction term is necessary in equation (7) and I expect that the coefficient of
UCON

i ,t

will be negative for the whole sample. I take the absolute values for some

control variables such as unexpected earnings, discretionary accrual, change in special
items and change in net operating asset, because it’s difficult for analysts to forecast the
earnings of firms with both large positive and negative values in these variables.
[Insert Table 5]
Table 5 presents the regression results for testing the forecast accuracy model (7)
for early and late forecast samples. I again use both OLS and LAD estimation methods.
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In all regressions the coefficients of UCON

i ,t

are significantly negative, indicating that

analysts’ forecasts is more accurate for firms with higher unconditional conservatism at
the beginning of period. Moreover, the coefficients of UCON

i ,t

in OLS estimation are

-0.0059 and -0.0021 for early and late forecast samples accordingly, consistent with the
prediction. In an unreported robustness test, I also test the accuracy model by adding
the interaction term between unconditional conservatism and the dummy variable
indicating very bad news firms. The results show that the coefficient of interaction term
is negative, but insignificant. This further confirms the model’s validity in predicting
the impact of unconditional conservatism on analysts’ forecast errors.
In general, the results so far provide supportive empirical evidence to proposition 1
and 2 with regard to the impact of unconditional conservatism on analysts’ forecast
errors. The LAD estimation reaches the same conclusion as OLS, suggesting that the
association between conservatism and forecast errors exists regardless whether
analysts’ forecast objective is mean or median.
5.4 Overall uncertainty and unconditional conservatism: multivariate regression

In this section I test the model’s implication with regard to the association between
the overall uncertainty in analysts’ forecasts and unconditional conservatism. I estimate
the following model for both early and late forecast samples:

Vi ,t = α + β1UCON i ,t + γOthers

(8)

Vi ,t is the overall uncertainty implied in analysts’ forecasts following Barron et al

(1998). UCONi ,t represents firm’s unconditional conservatism at the beginning of
forecast period t. I expect empirically that the coefficient of UCON i ,t is negative in
early forecast sample, and the coefficient might still be negative but smaller in the late
forecast sample.
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[Insert Table 6]
Table 6 presents the regression results for testing the impact of unconditional
conservatism on the overall uncertainty in analysts’ forecasts. Only OLS estimation is
performed. The coefficients of unconditional conservatism are both significantly
negative in the early and late forecast samples. This is consistent with the model’s
prediction that unconditional conservatism will reduce the overall uncertainty in
analysts’ forecasts, i.e, increase the precision of public information available to analysts.
The coefficient (T-stat) of UCON1i ,t is -0.0093(5.09) at early forecasts and -0.0018
(4.69) at late forecasts, suggesting that unconditional conservatism has smaller impact
on the overall uncertainty in analysts’ early forecasts than in late forecasts.
Results on other control variables show that overall uncertainty in analysts’
forecasts is higher for firms with larger unexpected earnings in last period or reporting
loss in the forecast period. Larger firms have smaller uncertainty as more information is
available. More analysts following increase the overall uncertainty in forecasts,
probably due to more idiosyncratic information dispersion among different analysts. In
addition, firms with larger changes in special item and net operating asset also have
greater uncertainty. However firms with more volatile return on asset seem to have
lower uncertainty, which is opposite to the expectation.

6. Conclusion

This paper develops and empirically tests a rational analyst forecast model under
conservative accounting system, considering the interaction between two types of
accounting conservatism. The integral relationship between unconditional and
conditional conservatism suggests that more unconditional conservatism will preempt
application of conditional conservatism in later period, therefore lead to less uncertainty
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about the amount of earnings to be recognized in presence of bad news in later period.
The reduction of information uncertainty in future earnings recognition may benefit
analysts with less biased and more accurate forecasts.
A simple model is developed in the paper to illustrate the relationship between
analysts’ forecast properties and accounting conservatism. The empirical evidence is
consistent with model’s predictions about analysts’ forecast errors and overall
uncertainty implied in analysts’ forecasts. For the signed forecast error measured by
actual minus forecasted earnings, unconditional conservatism reduces the forecast error
for firms with positive economic shock or small negative economic shock, but
increases the forecast error for firms with very large negative economic shock. I find
that the absolute forecast error and overall uncertainty are both negatively associated
with unconditional conservatism available at the beginning of forecast period for all
firms. The relationship is stronger at early forecasts than at late forecasts, suggesting
that unconditional conservatism plays more important role in reducing the information
uncertainty at early forecasts when the uncertainty about future economic news is
higher. The result is robust to the LAD estimation.
The impacts of accounting conservatism on the information uncertainty and
volatility in future earnings have not been fully explored in the literature. This study
mainly focuses on one aspect of unconditional conservatism’s impacts on future
earnings that is driven by the interaction between two types of conservatism. As
discussed in the introduction, unconditional conservatism itself could also lead to more
uncertainty in forecasting earnings in the period of unexpected investment changes. In
order to obtain a more comprehensive understanding of this question, future research
needs to consider both aspects of unconditional conservatism and incorporate
investment behavior and accounting policies into the analysis.
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Figure 1 Histograms of Earnings for Firms in the Highest
and Lowest Quintiles of Unconditional Conservatism
This figure shows the histograms of earnings per share deflated by the beginning period price
for firms in the highest and lowest quintile group of unconditional conservatism. Quintile
groups are based on the annual ranking of the cross-sectional unconditional conservatism.

5

4

P
e
r
c
e
n
t

3

2

1

0
- 0. 4

- 0. 35

- 0. 3

- 0. 25

Figure 1a

- 0. 2

- 0. 15

- 0. 1

- 0. 05

0

0. 05

0. 1

0. 15

0. 2

0. 25

0. 3

0. 35

0. 4

Histograms of Earnings for Firms in the Highest Quintile

8

7

6

5
P
e
r
c
e
n
t

4

3

2

1

0
- 0. 4

- 0. 35

- 0. 3

- 0. 25

- 0. 2

- 0. 15

- 0. 1

- 0. 05

0

0. 05

0. 1

0. 15

0. 2

0. 25

Figure 1b Histograms of Earnings for Firms in the Lowest Quintile

34

0. 3

0. 35

0. 4

Table 1 Descriptive statistics
This table presents the summary statistics of all variables in the overall sample from 1986 to 2004. Early
forecast sample (#8,415) consists of forecasts within first three months after last period earnings
announcement, and late forecast sample (#6,672) consists of forecasts within last three months before next
earnings announcement date. FE iE,t and FE iL,t are early and late forecast errors deflated by the price at
beginning of fiscal year. AFE iE,t and AFE iL,t are early and late absolute forecast error deflated by the price at
beginning of fiscal year. Vi ,Et and Vi ,Lt are the overall uncertainty implied in analysts’ early and late forecasts.
L
LGNUM iE,t and LGNUM i ,t are the logarithms of the number of analysts issuing forecasts in the early and late

forecast periods. UCON i ,t is unconditional conservatism measured by book-to-market bias (Beaver and
Ryan, 2000). UEi ,t −1 is the unexpected earnings at t-1 from random walk model deflated by stock price at
beginning of year t. LOSS i ,t is an indicator variable which equals 1 if a firm reports loss in period t, and 0
otherwise. STDROAi ,t is the standard deviation of quarterly ROA (return on asset) in the past five years
(minimum eight quarters required) prior to period t. LGMVi,t −1 is the logarithm of common equity market
value at the beginning of period t. RET _ 6iE,t is the accumulated 6-month return up to the latest period t-1
earnings announcement and RET_ 6iL,t is the accumulated 6-month return up to the three months prior to the
period t earnings announcement. DA i ,t is the discretionary accruals using performance matched modified
Jones model in period t for firm i. ΔSPI i ,t is the change in special items in period t from period t-1.

ΔNOAi ,t −1 is the change in net operating assets in period t-1 from period t-2.

Panel A Early Forecast Variables (#8,415)
Mean

St. Dev

Min

P25%

Median

P75%

Max

FE iE,t

-0.0098

0.0311

-0.2266

-0.0168

-0.0026

0.0039

0.0878

AFE iE,t

0.0190

0.0265

0.0001

0.0033

0.0093

0.0231

0.2266

V i ,Et

0.0190

0.0045

0.0002

0.0022

0.0058

0.0158

0.6509

LGNUM iE,t

2.1634

0.8726

0.6931

1.3863

2.1972

2.8332

4.1589

RET _ 6 Ei ,t

0.0003

0.0061

-0.0354

-0.0013

0.0004

0.0021

0.0324

Panel B Late Forecast Variables (#6,672)
Mean

St. Dev

Min

P25%

Median

P75%

Max

FE i ,t

-0.0005

0.0095

-0.0771

-0.0015

0.0003

0.0021

0.0433

AFE iL,t

0.0048

0.0082

0.0000

0.0007

0.0018

0.0051

0.0771

V i L,t

0.0040

0.0079

0.0000

0.0006

0.0015

0.0039

0.1050

LGNUM iL,t

1.7204

0.7872

0.6931

1.0986

1.6094

2.3026

3.7612

RET _ 6 Li ,t

0.0010

0.0069

-0.0259

-0.0015

0.0002

0.0022

0.0547

L

Panel C Other Variables (#9,350)
Mean

St. Dev

Min

P25%

Median

P75%

Max

UCON i ,t

0.0005

0.2432

-0.8661

-0.1344

0.0162

0.1617

0.5733

UEi ,t −1

0.0005

0.0448

-0.2716

-0.0080

0.0059

0.0156

0.2035

STDROAi ,t

0.0021
6.4514

0.0038
1.5208

0.0001
2.9538

0.0004
5.3395

0.0009
6.3656

0.0022
7.5090

0.0368
10.5375

-0.0035
-0.0016
0.0578

0.0607
0.0393
0.1126

-0.2060
-0.2295
-0.3375

-0.0366
-0.0050
-0.0100

-0.0025
0.0000
0.0443

0.0273
0.0036
0.1157

0.2232
0.2056
0.4837

LGMVi ,t −1

DA i ,t
ΔSPI i ,t
ΔNOAi ,t −1
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Table 2 Analysts’ forecast properties for quintile groups of firms sorted by economic news
This table presents the mean (and median) of analysts’ forecast error, forecast accuracy, and overall uncertainty in
analysts’ forecasts for firms with different economic news in the fiscal year. FE iE,t and FE iL,t are early and late
forecast errors deflated by the price at beginning of fiscal year. AFE iE,t and AFE iL,t are early and late absolute
forecast errors deflated by the price at beginning of fiscal year. Vi ,Et and Vi ,Lt are the overall uncertainty implied in
analysts’ early and late forecasts. Quintile groups are ranked by the market-adjusted unexpected stock return
(proxy for the economic news as in Basu (1997)). Group 1 to 5 represents quintiles from the lowest stock return to
the highest stock return based on the cross-sectional ranking in each year. Median value is shown in parallel
underneath the mean.

Panel A: Early Forecast Variables
Very bad news
1
FE iE,t
AFE iE,t
V i ,Et

Very good news
2

3

4

5

-0.0288

-0.0137

-0.0074

-0.0034

0.0042

(-0.0176)

(-0.0066)

(-0.0018)

(0.0007)

(0.0042)

0.0317

0.0186

0.0141

0.0134

0.0174

(0.0190)

(0.0096)

(0.0064)

(0.0065)

(0.0095)

0.0361

0.0191

0.0136

0.0125

0.0139

(0.0117)

(0.0058)

(0.0042)

(0.0044)

(0.0055)

Panel B Late Forecast Variables
Very bad news

FE iL,t
AFE iL,t
V i ,Lt

Very good news

1

2

3

4

5

-0.0035

-0.0011

-0.0001

0.0004

0.0015

(-0.0005)

(0.0001)

(0.0004)

(0.0007)

(0.0012)

0.0065

0.0043

0.0038

0.0039

0.0053

(0.0022)

(0.0017)

(0.0015)

(0.0016)

(0.0024)

0.0057

0.0038

0.0034

0.0032

0.0040

(0.0021)

(0.0015)

(0.0014)

(0.0011)

(0.0016)
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Table 3 Analysts’ forecast properties for quintile groups sorted by unconditional conservatism
This table presents the mean (and median) of analysts’ forecast error, forecast accuracy, and overall uncertainty in
analysts’ forecasts for firms with different unconditional conservatism at the beginning of fiscal year. FE iE,t and

FE iL,t are early and late forecast errors deflated by the price at beginning of fiscal year. AFE iE,t and AFE iL,t are early
and late absolute forecast errors deflated by the price at beginning of fiscal year. Vi ,Et and Vi ,Lt are the overall
uncertainty implied in analysts’ early and late forecasts. Quintile groups are based on the annual ranking of the crosssectional unconditional conservatism measured by UCON i ,t . Median value is shown in parallel underneath the
mean.

Panel A: Early Forecast Variables

Lowest
Very Bad News
FE iE,t

Very Good News

AFE iE,t
V i ,Et

Unconditional conservatism ranking
2
3
4

Highest

-0.0368

-0.0286

-0.0251

-0.0259

-0.0252

(-0.0240)

(-0.0181)

(-0.0155)

(-0.0158)

(-0.0156)

0.0051

0.0071

0.0042

0.0006

0.0032

(0.0066)

(0.0054)

(0.0039)

(0.0029)

(0.0038)

0.0263

0.0202

0.0177

0.0155

0.0153

(0.0138)

(0.0108)

(0.0085)

(0.0070)

(0.0074)

0.0287

0.0200

0.0178

0.0144

0.0142

(0.0092)

(0.0067)

(0.0051)

(0.0042)

(0.0046)

Panel B Late Forecast Variables

Lowest
Very Bad News
FE iL,t

AFE iL,t
V i ,Lt

Very Good News

Unconditional conservatism ranking
2
3
4

Highest

-0.0064

-0.0033

-0.0018

-0.0023

-0.0025

(-0.0010)

(-0.0003)

(-0.0004)

(-0.0002)

(-0.0006)

0.0023

0.0019

0.0010

0.0008

0.0013

(0.0017)

(0.0016)

(0.0009)

(0.0008)

(0.0011)

0.0066

0.0050

0.0042

0.0038

0.0039

(0.0025)

(0.0021)

(0.0018)

(0.0015)

(0.0015)

0.0055

0.0041

0.0038

0.0033

0.0034

(0.0022)

(0.0017)

(0.0015)

(0.0012)

(0.0012)
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Table 4 Analysts’ forecast Error and Unconditional Conservatism
This table presents the OLS and LAD estimation results of the following model:

FEi ,t = α + β1UCONi ,t + β 2UCONi ,t * D _ Badi ,t + γOthers

Early forecast sample consists of 8,415 observations of forecasts issued within first three months after last period
earnings announcement, and late forecast sample consists of 6,672 observations of forecasts issued within last three
months before next earnings announcement date. FEi ,t is the analysts’ early or late forecast error. UCON i ,t is firm i’s
unconditional conservatism available at the beginning of period t. D _ Badi ,t is a dummy variable indicating firms with
‘very bad news’, and equals 1 if the firm i’s unexpected return in year t is in the lowest quintile and 0 otherwise. Other
control variables are the same as defined in table 1. LGNUM represents LGNUM E and LGNUML respectively in the
i ,t

i ,t

i ,t

early and late forecast samples. Similarly RET _ 6 represents RET _ 6iE,t and RET _ 6iL, t respectively in the early and late
i ,t

forecast samples.
T-statistics are reported underneath coefficients estimates. The bottom row in the table shows adjusted-R2 for OLS
regression and Pseudo-R2 for LAD regression.

OLS estimation

LAD estimation

Early Forecast
( FE iE,t )

Late Forecast
( FE iL,t )

Early Forecast
( FE iE,t )

Late Forecast
( FE iL,t )

INTERCEPT

-0.0336
(-23.01)

-0.0029
(-4.97)

-0.0195
(-22.79)

-0.0001
(-0.98)

UCON i ,t

-0.0042
(-3.00)
0.0173
(5.91)

-0.0012
(-2.12)
0.0067
(5.88)

-0.0034
(-3.22)
0.0094
(5.51)

-0.0006
(-4.54)
0.0009
(3.43)

-0.0038
(-0.54)
-0.0410
(-40.32)

-0.0034
(-1.22)
-0.0063
(-15.41)

0.0103
(2.46)
-0.0348
(-58.62)

0.0005
(0.75)
-0.0022
(-21.92)

STDROAi ,t

1.0750
(11.53)

0.1104
(2.86)

0.7765
(14.25)

0.0430
(4.58)

LGMVi,t −1

0.0052
(19.86)

0.0006
(6.16)

0.0030
(19.99)

0.0001
(5.81)

LGNUM i ,t

-0.0029
(-6.85)

-0.0005
(-3.38)

-0.0020
(-8.12)

-0.0003
(-6.70)

RET _ 6 i ,t

0.4928
(10.18)

0.0583
(3.39)

0.4127
(14.61)

0.0482
(11.43)

DA i ,t

0.0007
(0.14)

-0.0051
(-2.68)

-0.0069
(-2.45)

-0.0023
(-4.89)

0.0762
(10.11)

0.0064
(2.18)

0.0470
(10.68)

0.0012
(1.68)

-0.0186
(-7.09)
0.276

-0.0015
-(1.51)
0.058

-0.0109
(-7.12)
0.106

-0.0006
(-2.38)
0.012

UCON i ,t * D _ Bad i ,t

UEi ,t −1
LOSS i ,t

ΔSPI i ,t
ΔNOAi ,t −1

R2
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Table 5 Analysts’ forecast accuracy and Unconditional Conservatism
This table presents the OLS and LAD estimation results of the following model:

AFEi ,t = α + β1UCON i ,t + γOthers

Early forecast sample consists of 8,415 observations of forecasts issued within first three months after last period
earnings announcement, and late forecast sample consists of 6,672 observations of forecasts issued within last three
months before next earnings announcement date. AFEi ,t is the analysts’ absolute early or late forecast error. UCON i ,t is
firm i’s unconditional conservatism available at the beginning of period t. LGNUM represents LGNUM E and
i ,t

i ,t

LGNUM

L
i ,t

respectively in the early and late forecast samples. Similarly RET _ 6 represents RET _ 6iE,t and RET _ 6iL,t
i ,t

respectively in the early and late forecast samples. In the accuracy regression, I take the absolute values of unexpected
earnings ( UEi ,t −1 ), discretionary accruals ( DA i ,t ), change in special items( ΔSPI i ,t )and change in
investments( ΔNOAi ,t −1 ).Other variables are the same as defined in table 1.

T-statistics are reported underneath coefficients estimates. The bottom row in the table shows adjusted-R2 for OLS
regression and Pseudo-R2 for LAD regression.

OLS estimation

LAD estimation

Early Forecast
( AFE iE, t )

Late Forecast
( AFE iL,t )

Early Forecast
( AFE iE, t )

Late Forecast
( AFE iL,t )

INTERCEPT

0.0330
(25.36)

0.0092
(17.69)

0.0186
(23.82)

0.0038
(23.99)

UCONi ,t

-0.0059
-(5.77)

-0.0021
-(5.20)

-0.0034
-(5.52)

-0.0003
-(2.20)

UEi ,t −1

0.1295
(16.66)
0.0327
(39.20)

0.0312
(10.28)
0.0068
(20.27)

0.1318
(28.27)
0.0267
(53.41)

0.0261
(27.87)
0.0034
(32.98)

STDROAi ,t

-0.3939
-(5.03)

0.0969
(3.00)

-0.0572
-(1.22)

0.0608
(6.11)

LGMVi,t −1

-0.0042
-(19.56)

-0.0010
-(13.32)

-0.0024
-(18.51)

-0.0004
-(18.13)

LGNUM i ,t

0.0025
(7.15)

0.0005
(4.08)

0.0016
(7.90)

0.0002
(6.07)

RET _ 6 i ,t

-0.2715
-(6.86)

0.0218
(1.56)

-0.1612
-(6.79)

0.0114
(2.63)

DA i ,t

0.0170
(2.86)

-0.0047
-(2.05)

0.0090
(2.52)

-0.0008
-(1.20)

0.0397
(5.56)

0.0062
(2.26)

0.0255
(5.96)

0.0017
(2.01)

0.0056
(2.01)
0.332

-0.0010
-(0.94)
0.168

0.0004
(0.21)
0.142

-0.0008
-(2.30)
0.074

LOSS i ,t

ΔSPI i ,t
ΔNOAi , t − 1

R2
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Table 6 Overall Uncertainty in Analysts’ Forecasts and Unconditional Conservatism
This table presents the OLS regression result of the following equation in early and late forecast samples:

Vi ,t = α + β1UCON i ,t + γOthers

Early forecast sample consists of 8,415 observations of forecasts issued within first three months after last
period earnings announcement, and late forecast sample consists of 6,672 observations of forecasts issued
within last three months before next earnings announcement date. Vi ,t is the overall uncertainty implied in
analysts’ early and late forecasts following Barron et al (1998). UCON i ,t is the firm’s unconditional
conservatism

at

the

beginning

of

forecast

period.

LGNUM i ,t

represents

LGNUM iE,t

and

LGNUMi ,t respectively in the early and late forecast samples. Similarly RET _ 6 represents RET _ 6 and
L

E
i ,t

i ,t

RET_ 6iL,t respectively in the early and late forecast samples. In the accuracy regression, I take the absolute

values of unexpected earnings ( UEi ,t −1 ), discretionary accruals ( DA i ,t ), change in special items( ΔSPI i ,t )and
change in investments( ΔNOAi ,t −1 ).Other variables are the same as defined in table 1.

T-statistics are reported underneath coefficients estimates. The bottom row in the table shows adjusted-R2
for OLS regression.

INTERCEPT

UCONi ,t

UEi ,t −1
LOSS i ,t

STDROAi ,t
LGMVi,t −1
LGNUM i ,t
RET _ 6 i ,t

DA i ,t

ΔSPI i ,t
ΔNOAi , t − 1

R

2

Early Forecast ( V i ,Et )

Late Forecast ( V i ,Lt )

0.0222

0.0049

(9.49)

(9.81)

-0.0093

-0.0018

-(5.09)

-(4.69)

0.1816

0.0074

(13.02)

(22.84)

0.0567

-0.0739

(37.94)

-(2.37)

-2.0424

-0.0008

-(14.52)

-(10.93)

-0.0041

0.0019

-(10.55)

(15.15)

0.0063

0.0247

(10.24)

(1.82)

-0.2651

0.0310

-(3.73)

(10.58)

0.0088

-0.0055

(0.83)

-(2.51)

0.0638

0.0081

(4.98)

(3.07)

0.0141

-0.0010

(2.82)

-(1.02)

0.245

0.166
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